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The Impact of Micro-credit on Poverty: Evidence from Bangladesh 

 

 

Abstract: This paper is to examine empirically the impact of micro-credit on poverty 

in Bangladesh. Unlike previous studies, the focus is on both objective and subjective 

poverty and particular attention is paid to the length of time programme participants 

have had access to micro-credit.  A household-level survey (N = 954) was carried out 

aimed at collecting information about individuals receiving micro-credit from the 

three main micro-credit organisations in Bangladesh (Grameen Bank, BRAC and 

ASA). A logit regression analysis supports two main findings. The first is that micro-

credit is associated with both lower objective and subjective poverty. The second is 

that the impact of micro-credit on poverty is particularly strong for about six years 

with some levelling off after that point.  
 

 

 

 

 

 

Keyworks: Asia, Bangladesh, micro-credit, subjective, objective poverty 

  

 

  

 



 3 

 

The Impact of Micro-credit on Poverty: Evidence from Bangladesh 

 

1. Introduction 

It is often argued that the financial sector in low-income countries has failed to 

serve the poor. With respect to the formal sector, banks and other financial institutions 

generally require significant collateral, have a preference for high income and high 

loan clients, and have lengthy and bureaucratic application procedures. With respect 

to the informal sector, money-lenders usually charge excessively high interest rates, 

tend to undervalue collateral, and often allow racist and/or sexist attitudes to guide 

lending decisions. The failure of the formal and informal financial sectors to provide 

affordable credit to the poor is often viewed as one of the main factors that reinforces 

the vicious circle of economic, social and demographic structures that ultimately 

cause poverty.  

As a partial response to this failure, there has been significant growth in what can 

be termed "micro-credit" over the past two decades. Micro-credit is essentially the 

dispersion of small collateral-free loans to jointly liable borrowers in groups in order 

to foster income generation and poverty reduction through enhancing self-

employment. Perhaps the best-known micro-credit institution is the pioneering 

Grameen Bank in Bangladesh. However, the Grameen model has been replicated in 

many countries (including high-income countries such as the United States). One 

estimate suggests that over 10 million households worldwide are serviced by micro-

credit (see Morduch, 1999). In addition, there is a view amongst key decision-makers 

that micro-credit has played an important role in the reduction of poverty. This 

optimism is reflected in the outcome of the Microcredit Summit held in 1997 where 
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policy-makers, NGOs, charitable foundations and practitioners enthusiastically 

pledged to reach 100 million households with micro-credit by the year 2005, at an 

anticipated cost of some $20 billion (see Microcredit Summit Report, 1997). 

The empirical evidence on the impact of micro-credit on poverty is very mixed 

(see for example, Edgecomb and Barton, 1998; Morduch, 1998, 1999; Schrieder and 

Sharma, 1999; Sebstad and Chen, 1996; Coleman, 1999; Hossain, 1988, 1998). Some 

impact/evaluation studies have found that access to credit by the poor has a large 

positive effect on living standards. However, other studies have found that poverty is 

not reduced through micro-credit—poor households simply become poorer through 

the additional burden of debt. Since more money for micro-credit in practise means 

less money for other programmes with similar aims, it is extremely important to 

carefully evaluate whether or not “small loans for poor people” in fact works.  

With this in mind, the purpose of this paper is to examine empirically the impact 

of micro-credit on poverty in Bangladesh. Unlike previous studies, the focus is on 

both objective and subjective poverty and particular attention is paid to the length of 

time programme participants have had access to micro-credit. The remainder of this 

paper is organised as follows. Section 2 is a brief discussion of the three main 

organisations involved in micro-credit in Bangladesh. Section 3 outlines in some 

detail the survey of micro-credit participant households that was carried out. Section 4 

describes the statistical models that were used to evaluate the impact of micro-credit 

on objective and subjective poverty. Results are presented in Section 5. Conclusions 

follow in Section 6.  
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2. Institutional Background: Micro-credit in Bangladesh 

Bangladesh has experienced rapid growth in the micro-credit sector since 1990. 

Prior to 1990, only a handful of organisations were in operation. Many NGOs adopted 

and built on the experience of the Grameen Bank. Some of these NGOs experimented 

with the Grameen Bank micro-credit delivery system at the beginning and gradually 

they developed their own micro-credit delivery system (such as BRAC and ASA, see 

below). Currently, more than 1,000 NGOs operate micro-credit programmes in 

Bangladesh (see Rahman, 1999). The contribution of many of these NGOS to micro-

credit disbursement is very small. For example, a study of 369 NGOs indicates that 

the top three NGOs as of June, 1998: held 69 per cent of total credit; held 83 per cent 

of total net savings; held 85 per cent of cumulative credit; held 82 per cent of 

outstanding loans; and captured 71 per cent of the total revolving fund (see Rahman 

1999). Most of the micro-credit institutions follow the flat rate method in calculating 

total interest. A very small number follow the declining method in calculating total 

interest. Under the flat rate method, NGOs charge interest rates typically between 10 

to 30 per cent.  

The empirical analysis presented below is based on data collected for three 

organisations involved in micro-credit activities in Bangladesh: (1) the Grameen 

Bank; (2) the Bangladesh Rural Advancement Committee (BRAC); and (3) the 

Association of Social Advancement (ASA). Table 1 presents some comparative 

information relating to the activities of these three organisations. 

<<<< Table 1 About Here >>>> 

The Grameen Bank evolved from research project aimed at identifying the 

causes of poverty carried out by Professor Muhammad Yunus. He found that capital 

constraints had been forcing women to sell their handicraft products to input providers 
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at prices that were much lower than market prices. He concluded that a lack of small-

scale capital in rural areas, needed for income-generating activities, was one of the 

main causes of poverty. This experience led him to experiment with a loan program 

targeted at poor people without collateral. In 1983, through a government statute, the 

Grameen Bank became an official financial institution. It is now regulated by the 

Central Bank of Bangladesh, and is the largest player in the micro-credit sector. The 

Grameen Bank receives funds from both the Central Bank and commercial banks 

(about 75 per cent of the total), along with contributions from international donors. 

The Grameen Bank pioneered (and continues to employ) the “group-lending 

model”. Five people with similar socio-economic status (usually from the same 

village), form a “group”. Each member presents himself or herself as a guarantor of 

other members’ loans. This system of “joint liability” replaces the more traditional 

collateral system used in the formal financial sector. If any member defaults the whole 

group becomes ineligible to receive additional loans. In this sense, each member of 

the group is responsible and liable for other members’ repayment of loans. Loans are 

repaid in weekly instalments, with each instalment being equal to 2 per cent of the 

principal.  

 In 2000, membership in the Grameen Bank was about 2.3 million, with a 

cumulative loan disbursement of about $3.2 billion. It operates in over 40,000 

villages, covering nearly half of the total land area of Bangladesh. In 2000, members 

had a total savings balance of $83.2 million, and the recovery rate of was near 89 per 

cent (see Table 1). Currently, in terms of cumulative loan disbursement the Grameen 

Bank is the largest micro-credit organisation in Bangladesh.  

After independence in 1971, the Bangladesh Rural Advancement Committee 

(BRAC) was established. Initially its main objective was to conduct relief and 
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rehabilitation programmes. It continued to widen its activities and in 1976 established 

a micro-credit programme. At present it is prominent among the biggest NGOs in 

terms of development and micro-credit activities. BRAC started its micro-credit 

programme in 1976. Its current programme was initiated in 1990 and is known as the 

“Rural Credit Project”. BRAC’s other development activities include free informal 

education and heath and medical facilities to low-income people in rural areas. In 

2002, membership in BRAC was about 3.9 million, with a total loan disbursement of 

about $1 billion. In 2000 the cumulative savings of BRAC stood at $65 million. In the 

same year it achieved a recovery rate of 98.4%. Currently, BRAC is the second largest 

micro-credit organisation in Bangladesh. 

The Association of Social Advancement (ASA) was established in 1978. It 

began its micro-credit programme in 1991. Currently, ASA is the third largest micro-

credit organisation in Bangladesh. It has developed a less expensive model for the 

implementation of savings and credit program, which has helped it become a more 

cost effective and sustainable program (Jain, 1999; Rutherford, 1995). Kalily, Imam 

and Khan (2000) conclude that ASA is more cost effective and more sustainable than 

the Grameen Bank. By 2000, ASA had extended credit to poor people in 22,740 

villages out of approximately 86,000 villages in Bangladesh. The total number of 

members of ASA in 2000 was 1.2 million. In the same year the cumulative loan 

disbursement and cumulative savings of members stood at $466 million and $97 

million respectively. In 2000 the recovery rate of ASA was 99.9%.  

 

3. Sample Survey  

The analysis reported below is based on a household-level survey of micro-

credit programme participants carried out from January to May 1999 (N = 954 



 8 

households). The data was collected through face-to-face interviews following a four 

stage sampling design. Bangladesh is divided into 64 administrative districts. Two 

criteria were used to reduce the number of eligible districts. The first was that it had to 

one of those relatively close to Dhaka. This restriction was imposed simply because of 

time and budget constraints. The second was that the district was not one severely 

affected by the 1998 flood. This restriction was imposed because the devastation and 

deprivation created by this tragic event would mask any underlying impact of micro-

credit. These criteria narrowed the number of eligible districts down to five, of which 

one, Comilla, was selected. Comilla lies about 70 km south-east of Dhaka and has a 

mainly rural population of about five million inhabitants. 

In the second stage, a list of the “branches” of Grameen Bank, BRAC and ASA 

in Comilla was constructed. A branch usually consists of 50 to 60 "centres", with each 

centre having 30 to 50 members. From this list, branches that had been in existence 

for at least eight years were selected. This restriction resulted in four branches of the 

Grameen Bank being identified, of which two were randomly selected. No branch of 

BRAC or ASA met this duration criterion. However, there were seven branches that 

had been in existence for five or more years (four BRAC and three ASA). From this 

group, one BRAC and one ASA branch was randomly selected. The two Grameen 

Bank branches were about 4.5 km away from Comilla Town. This distance was used 

as a selection criterion to choose a newly-established branch (i.e. in existence for less 

than one year) for some comparative work not reported in this paper. Only one branch 

met this criterion and was selected. In the third stage, centres were selected from these 

five branches. In each of the "old" (8+ years) Grameen branches there were 60 

branches, from which 27 were randomly selected. In the "new" Grameen branch (less 

than one year old) there were 26 centres from which 20 were randomly selected. The 
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BRAC and ASA branches each had 50 centres from which 35 were randomly selected. 

In total, 144 centres were selected from a total of 246. 

In the fourth and final stage of sampling, individual households were selected. 

Lists of member households were obtained from each of the branch offices. As 

mentioned above, we are particularly interested in the impact of programme duration. 

Therefore, longer duration households were over-sampled. The households on these 

lists were grouped into four duration categories: (1) Less than two years; (2) 2-4 

years; (3) 5-7 years; and (4) 8+ years. In the case of the two "old" Grameen branches, 

two households were randomly selected from each duration category. This resulted in 

216 households from each branch, or 432 "old" Grameen households in total being 

included in the sample (i.e. 2 branches x 27 centres per branch x 4 duration categories 

x 2 households per duration category). Since member households of the newly-

established Grameen branch by definition have durations less than one year, simple 

random sampling was used to select five households from each of the 20 centres, 

resulting in 100 "new" Grameen households being included in the sample. None of 

the BRAC and ASA branches had been in existence for eight years. For both, two 

households were randomly selected from each of three remaining duration categories. 

This resulted in 210 households from each branch being included in the sample (i.e. 

35 centres x 3 duration categories x 2 households per duration category). 

The sample consisted of 952 households. In total, information was collected 

for 432 member households of two "old" branches of Grameen; for 100 member 

households of a "new" branch of Grameen; and for 210 member households for a 

branch each of BRAC and ASA. Because of missing information on some of the key 

variables, 43 households had to be dropped, which reduced the size of the useable 

sample to 909 households. Table 2 (Column 1) presents some descriptive information 
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relating to the sample. If we classify "new members" as those households who have 

been a member of a micro-credit programme for less than one year, then such cases 

make up 29.2% (N=265) of the sample. It is also important to note that 17% (N = 45) 

of these new members had not at time of the interview received the cash for the loan 

that had been agreed (although this was expected shortly). "Old members" (i.e. 

households with programme duration greater than one year) make up 70.8% (N = 

644) of the sample. Given the sample strategy followed, it is difficult to judge how 

representative it is. However, it is our belief the information collected does capture 

the diversity of the micro-credit experience in Bangladesh and at the same time 

provides a meaningful vehicle for exploring how programme duration impacts on 

poverty. 

<<<< Table 2 About Here >>>> 

The survey collected detail information on a variety of factors. For example, 

demographic information (age, sex, marital status, etc.) and socio-economic 

information (education, employment, food consumption, expenditure on health, etc.) 

was collected for all household members. Detailed village-level information was also 

collected, such as distance to nearest primary school, secondary school, market and 

district headquarters, along with variables describing village infrastructure, such as 

the presence of schools, markets, irrigation systems, roads, electricity, etc. 

Information relating to the size of loan received, date of joining and other membership 

characteristics was provided by branch officials and matched to the data.  

As mentioned above, two poverty lines are used. The first is an objective 

poverty line. It is based on the cost associated with obtaining a minimum daily “adult” 

requirement of 2,112 calories (including 58 grams of protein). Equivalence scales 

were used (GOB, 1998) to adjust this amount for age differences, with the age-
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specific weights being: age 0-3=0.41; age 3-6=0.53; age 6-9=0.67; age 9-12=0.86; age 

12-17=0.94; age 17-29=1.0; age 29-59=0.94 and age 59+=0.83. This implies a 

poverty line of 147 Taka per week, or about $US2.75 per week. The second is a 

subjective poverty line. A household was defined as being poor if the household head 

answered “yes” to the following question: “Do you consider your family poor based 

on your current yearly income?”  

  Table 2 shows the rates of poverty based on these poverty lines (columns 2 

and 3). For the entire sample, the objective poverty rate (Po) is 54.6 per cent with the 

subjective poverty rate (Ps) being higher at 60.2 per cent. It is also important to note 

that there is a clear poverty differential between “new” and “old” members. The Po 

rate for new members is 65.3 per cent compared to 50.2 per cent for old members. 

Likewise the Ps rate for new members is 90.2 per cent compared to 47.9 per cent for 

old members. Taken at face value, these simple summary statistics suggest that both 

objective and subjective poverty is lower amongst those who have received micro-

credit.  

 Examination of the summary statistics presented in Table 2 also suggests that 

both objective and subjective poverty decline with programme duration. Fitting a 

linear trend line in programme duration suggests that objective poverty falls by about 

2.5 per cent per programme year. Likewise, subjective poverty falls by about 6.5 per 

cent per programme year. Although this provides some evidence that poverty appears 

to fall with programme duration, these estimates do not take into consideration other 

factors that might determine poverty. It is therefore necessary to control for these 

other factors before the impact of micro-credit can be gauged with increased 

confidence. 
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4. Statistical Model 

In order to control for some of these factors, logit regression is used. This model is 

of the general form: 

 Prob (P=1) = (XP, XH, XV)      

where: “P” is a dummy variable coded “1” if the household is poor and coded “0” if 

not; “XP” is a vector of micro-credit programme variables; “XH” is a vector of 

household and individual socio-economic characteristics; and “XV” is a vector of 

village-level characteristics. In the logit model “” follows a logistic distribution. The 

above model is estimated for both objective and subjective poverty. 

 This model is estimated using three different specifications of the micro-credit 

programme variables that attempt to capture the impact of programme duration on 

poverty. The first is a simple linear specification:  

X
1

P = 1L + 2LD   

where “L”  is a dummy variable coded “1” if the micro-credit loan has been received 

and coded “0” if not; and “D” is the length of time (measured in months) the 

household has been in receipt of micro-credit (months programme duration). The 

second is a quadratic specification:  

X
2

P = 1L + 2LD  + 3LD
2
 

which will allow a test of non-linearity in the relationship between poverty and 

programme duration. The third specification replaces the programme duration 

variables with a series of dummy variables representing ten separate duration 

categories: 

X
3

P = 1L + 2D6  + 3D12 + 4D24 + 5D36 + 6D48 

+ 7D60 + 8D72 + 9D84 + 9D96 + 10D>96 
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where “D6” is a dummy variable coded “1” if programme duration is less than 6 

months and coded “0” if not; “D12” is a dummy variable coded “1” if programme 

duration is between 7-12 months and coded “0” if not; etc. 

 It is important to note that the sample includes 45 “new member” households 

who had not at the time of the interview received their loan. That is, they had been 

applied for and had been selected for a loan but had not received the cash. One of the 

problems associated with evaluating the impact of micro-credit on poverty relates to 

the “self-selection” of programme participants (see Coleman, 1999). If programme 

participants are not a random sub-sample of the more general target population (i.e. 

the poor), then models estimated using information only on participants would likely 

lead to biased estimates of the impact of micro-credit on poverty. Including “new 

members” who have not yet received their loan, helps control for this selection bias, 

since we have little reason to believe that the factors that cause “new members” and 

“old members” to apply for a loan in the first place are somehow systematically 

different. At the same time, if the loan has not yet been received, we can safely 

assume that it cannot have a poverty-reduction impact. Statistically we can capture 

this effect by interacting the variable “L” (whether or not the loan has been received) 

with programme duration.    

 The other variables included in the regression equation are given in Table 3, 

along with means and standard deviations. The variables included in the vector of 

household and individual socio-economic characteristics (XH) are religion, land 

ownership, education and the demographic composition of the household. The 

variables included in the vector of village-level characteristics (XV) are the presence of 

a primary school, a secondary school, a tube well and electricity in the village, along 



 14 

with the distance to the nearest market, paved road, commercial bank, district 

headquarters and Dhaka. Dummy variables for geographic region are also included. 

<<<< Table 3 About Here >>>> 

 

5. Results 

The key coefficients of the estimated logit equations are summarised in Table 

4. Columns (1)-(3) are for objective poverty while Columns (4)-(6) are for subjective 

poverty. For brevity, only the coefficients for the variables included in the programme 

duration specifications are shown. The complete set of estimates is available from the 

authors upon request.  From a statistical point of view, the coefficients are better 

determined for subjective poverty than for objective poverty (as indicated partially by 

the ratio of the coefficient to its standard error given in parentheses). It is also 

interesting to note that in none of the models is the “L” variable statistically 

significant at the conventional threshold levels, providing some evidence that 

selection bias may not be a problem. As a general remark, the estimates suggest that 

micro-credit does appear to be associated with lower objective and subjective poverty, 

with both poverty rates declining with programme duration. 

<<<< Table 4 About Here >>>> 

In order to demonstrate this last finding more intuitively, Figures 1 and 2 show 

the relationship between poverty and programme implied by the estimates. Figure 1 is 

for objective poverty while Figure 2 is for subjective poverty. For convenience, 

programme duration is measured in years. Two steps were required to construct these   

“adjusted poverty” rates. In the first step, the estimated coefficients were used to 

“predict” each household’s poverty rate given each household’s individual values of 

the control variables given in Table 3. In the second step, these values were averaged 
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across all households at progressively increasing programme durations in order to get 

duration-specific “mean” poverty rates that net-out the effects of other variables that 

affect poverty. 

<<<< Figures 1 and 2 about Here >>>> 

Figure 1 suggests that micro-credit is associated with lower levels of objective 

poverty. The predicted objective poverty rate at zero duration is around 65 per cent. 

After eight years of exposure to micro-credit, this rate declines to about 45 per cent. 

This suggests a fall of about 30 per cent, or an average annual rate of reduction in the 

area of 3.5 to 4.0 per cent. Figure 2 suggests that micro-credit is also associated with 

lower levels of subjective poverty. The predicated subjective poverty rate at zero 

duration is about 85 per cent. After eight years of exposure, this rate declines to about 

45 percent. This implies a fall of over 50 per cent, or an average annual rate of 

reduction of around 5 per cent.  

The examination of Figures 1 and 2 suggest that there is some levelling off of 

poverty reducing effect of micro-credit after about six years. This levelling off is well 

illustrated by the duration specification based on dummy variables, which is also 

evident in the quadratic specification. This is particularly the case with respect to 

subjective poverty where the “turning point” of the estimated U-shaped relationship 

between poverty and programme duration is about six years.  

 

 

5. Conclusions 

The main objective of the micro-credit movement in Bangladesh (and 

elsewhere) is to reduce poverty. Bangladesh is a poor country with a relatively long 

history of micro-credit lending. Despite this there is still considerable debate in the 

development economics community concerning the effect of micro-credit on poverty.  
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The analysis carried out in this paper does suggest that micro-credit borrowing is 

associated with lower poverty. However, the effectiveness of micro-credit as a real 

poverty alleviation tool does not depend on its short-run impacts. Giving people 

money may raise them out of poverty for a short period of time but when the money is 

spent they fall back into poverty. For micro-credit to permanently reduce poverty it 

must have a long-run impact. Micro-credit is not a short-run subsidy. Its aim is to lead 

to a sustainable increase in a household’s ability to create wealth.  The analysis 

presented in this paper provides some evidence that the effect of micro-credit on 

poverty is particularly strong for about six years with some levelling off after that 

point.  

After eight years of programme experience, the estimated objective and 

subjective poverty rates are still in the area of 45 per cent—high by any standard. This 

suggests that micro-credit organisations should reconsider and adapt their microcredit 

technologies to improve the longer-run poverty reduction capacity of micro-credit.  

This seems critical if these organisations want to make a significant contribution to 

achieving the international development goal of reducing poverty by 50 per cent by 

the year 2015. It also suggests that the government, in unison with micro-credit 

intervention, should also apply other techniques of poverty reduction to solve the 

poverty problem in Bangladesh. 

    

 

    

   

 

 



 17 

 

   

References 

Coleman, B.E. (1999). "The Impact of Group Lending in Northeast Thailand." 

Journal of Development Economics, vol. 60, pp. 105-141. 

Chowdhury, M.J.A. (2000). Microcredit, Enhancement of Entitlement and Alleviation 

of Poverty: An Investigation into the Grameen Bank’s Role in Bangladesh. 

Unpublished Ph.D. Dissertation. Department of Economics, University of 

Stirling, UK. 

Edgecomb, E. and L. Barton. (1998). Social Intermediation and Microfinance 

Programs; A Literature Review. Bethesda, MD: Development Alternatives 

Inc. 

GOB. (1998). Analysis of Basic Needs Dimension of Poverty, Volume III. Dhaka: 

Bangladesh Bureau of Statistics, Government of  Bangladesh. 

Hossain, M. (1988). Credit for alleviation of Rural Poverty: the Grameen Bank in 

Bangladesh. Research Report 65; Washington DC: International Food Policy 

Research Institute (in collaboration with the Bangladesh Institute of 

Development Studies). 

Hulme, D. (2000). "Impact Assessment Methodologies for Microfinance: Theory, 

Experience and Better Practise." World Development, vol. 28, no. 1, pp. 79-98. 

Hussain, A. and M. Muazzam (eds.) (1998). Poverty Alleviation and Empowerment: 

The Second Impact Assessment Study of BRAC's Rural Development 

Programme. Dhaka: Bangladesh Rural Advancement Committee. 

Jain, P.S. (1996). "Managing Credit for the Rural Poor: Lessons from the Grameen 

Bank." World Development, vol. 24, no. 1, pp. 79-89. 



 18 

Jain, P.S. (1999). Maturing of Micro Credit Movement. Dhaka: Aassocation of Social 

Advancement. 

Khalily, M., A. Baqui, M.O. and, S.A.khan. (2000). “Efficiency and Sustainability of 

Formal and Quasi-formal Microfinance Programmes-An Analysis of Grameen 

Bank and ASA.”  Bangladesh Development Studies, vol. 26, nos. 2/3, pp. 103-

146. 

Khandker, S. (1998). Fighting Poverty with Microcredit: Experience in Bangladesh. 

New York: Oxford University Press/World Bank. 

Morduch, J. (1998). Does Mocrofinance Really Help the Poor? New Evidence from 

Flagship Programs in Bangladesh. Mimeo. Stanford: Hoover Institution, 

Stanford University.  

Morduch, J. (1999). "The Microfinance Promise." Journal of Economic Literature, 

vol. 37, no. 4, pp. 1569-1614. 

Mircrocredit Summit Report (1997). Washington: Results Educational Fund.  

Pitt, M. and S. Khandker. (1998). "The Impact of Group-based Credit Programmes on 

Poor Households in Bangladesh: Does the Gender of Participants Matter?" 

Journal of Political Economy, vol. 106, no. 5, pp. 958-996. 

Rahman, A. (1999). “Microcredit Initiatives for Equitable and Sustainable 

Development: Who Pays?” World Development, vol. 27, no. 2, pp. 67-82. 

Rutherford, S. (1995). ASA-The Biography of an NGO. Dhaka: Association of Social 

Advancement. 

Schrieder, G. and M. Sharma. (1999). "Impact of Finance on Poverty Reduction and 

Social Capital Formation: A Review and Synthesis of Empirical Evidence." 

Savings and Development, vol. 23, no. 1, pp. 67-93. 



 19 

Sebstad, J. and G. Chen. (1996). Overview of Studies of the Impact of Microenterprise 

Credit. Washington: Management Systems International.  

 



 20 

 
 

Table 1 

Grameen Bank, BRAC and ASA Micro-credit Programmes, 2000 

 

 

Programme: 

 

 

Grameen 

 

BRAC 

 

ASA 

Year micro-credit programme established  1976 1974 1991 

Total number of members (millions) 2.3 3.9 1.2 

Total number of employees 11,457 8,898 5,347 

Total number of branches 1,170 780 824 

Total number of villages covered 40,346 58,539 22,740 

Total loans in 2000 ($million US) 270 246 139 

Cumulative loans ($billion US) 3.3 1.0 0.47 

Loans outstanding ($million US) 202 143 71 

Total assets ($million US) 364 176 99 

Average loan size ($US) 113 108 116 

Repayment rate  88.7% 98.4% 99.9% 

Nominal interest rate  20% 15% 15% 

    
 

Source: Grameen Bank’s web-page (http://www.grameen-info.org); BRAC and ASA Annual 

Reports. 
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Table 2 

Objective and Subjective Poverty Rates 

 

 (1) (2) (3) 

  Objective 

Poverty 

Subjective 

Poverty 

Sample N PO PS 

    

“New” Members:    

Loan not received 45 68.9% 86.7% 

Duration < 1 year 220 55.3% 90.9% 

    

Sub-total: 265 65.3% 90.2% 

 

“Old” Members:    

Duration 1-2 years 103 55.3% 64.1% 

Duration 2-4 years 214 54.2% 52.3% 

Duration 5-7 years 300 46.3% 39.0% 

 Duration  8+ years 27 40.7% 48.1% 

    

Sub-total: 644 50.2% 47.9% 

 

TOTAL: 909 54.6% 60.2% 
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Table 3 

Variables used in Analysis 

 

 

Mnemonic 

 

 

Definition 

 

Mean 

Standard 

deviation 

 

Poverty variables: 

 

Po Objective poverty (see text) 54.6% -- 

Ps Subjective poverty (see text) 60.2% -- 

 

Programme variables : 

 

L Dummy variable coded “1” if household has received a loan and 

“0” if not. 

95.1% -- 

D Programme membership duration (months) 41.5 31.7 

 

Socio-economic variables: 

 

Religion Dummy variable coded “1” if household belongs to Islam and “0” 

if not 

90.1% -- 

Land Total area of agricultural land owned by household before 

membership in programme (Khatas: 100 Khatas =1 hectare) 

23.2 41.6 

EF Highest education of female household member (years of 

schooling) 

4.1 3.5 

EM Highest education of male household member (years of schooling) 5.3 4.1 

 

Household composition variables: 

 

Fem(<5) Number of female household members under age 5 0.26 0.49 

Fem(5-15) Number of female household members aged 5 to 15 0.91 0.99 

Fem(16-24) Number of female household members aged 16 to 24 0.33 0.55 

Fem(25-39) Number of female household members aged 25 to 39 0.65 0.48 

Fem(40-59) Number of female household members aged 40 to 59 0.24 0.43 

Fem(>60) Number of female household members over age 60 0.05 0.21 

    

Male(<5) Number of male household members under age 5 0.26 0.51 

Male(5-15) Number of male household members aged 5 to 15 0.97 0.96 

Male(16-24) Number of male household members aged 16 to 24 0.42 0.69 

Male(25-39) Number of male household members aged 25 to 39 0.61 0.59 

Male(40-59) Number of male household members aged 40 to 59 0.46 0.50 

Male(>60) Number of male household members over age 60 0.07 0.26 

    

 

Village characteristics: 

 

PrimSch Dummy coded “1” if primary school in village and “0” if not 80.2% -- 

SecSch Dummy coded “1” if secondary school in village and “0” if not 29.4% -- 

TubeWell Dummy coded “1” if village has a tube well and “0” if not 62.9% -- 

Electric Dummy coded “1” if village has electricity and “0” if not 80.4% -- 

DisMarket Distance from household to nearest market (kilometres) 0.85 0.76 

DistRoad Distance from household to nearest paved road (kilometres) 0.77 0.88 

DisBank Distance from household to nearest commercial bank branch 

(kilometres) 

1.7 1.3 

DistDHQ Distance from household to district headquarters (kilometres) 19.2 13.0 
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Table 3 cont’d  

 

DisDhaka Distance from household to  Dhaka (kilometres) 42.6 18.9 

    

Area1 Dummy coded “1” for Sholownol Burichong area and “0” 

otherwise. 

20.1% -- 

Area2 Dummy coded “1” for Jagat Pur area and “0” otherwise. 4.4% -- 

Area3 Dummy coded “1” for East Gouri Pur area and “0” otherwise. 21.6% -- 

Area4 Dummy coded “1” for West Gouri Pur area and “0” otherwise. 23.8% -- 

Area5 Dummy coded “1” for Chandina area and “0” otherwise. 19.1% -- 

Area6 Dummy coded “1” for Bijoy Pur area and “0” otherwise. 11.0% -- 

    



 

 

Table 4 

Logit Regression Equations 

Objective and Subjective Poverty 

 

  

Objective Poverty (Po) 

 

 

Subjective Poverty (Ps) 

 (1) (2) (3) (4) (5) (6) 

 

Duration 

Spec: 

 

 

Linear 

 

Quadratic 

 

Dummies 

 

Linear 

 

Quadratic 

 

Dummies 

L -0.220 

[0.58] 

-0.133 

[0.32] 

-- -0.643 

[1.2] 

-0.023 

[0.1] 

-- 

D 0.009 

[3.2] 

-0.015 

[1.3] 

-- -0.022 

[7.1] 

-0.059 

[4.5] 

-- 

D
2
 -- 0.061 

[0.05] 

-- --  0.388 

[3.0] 

-- 

D6 -- -- -0.118 

[0.3] 

-- -- -0.043 

[0.1] 

D7-12 -- -- -0.070 

[0.2] 

-- -- 0.825 

[1.2] 

D13-24 -- -- -0.339 

[0.08] 

-- -- -1.45 

[2.6] 

D25-36 -- -- -0.691 

[1.5] 

-- -- -2.017 

[3.4] 

D37-48 -- -- -1.016 

[2.3] 

-- -- -1.791 

[3.1] 

D49-60 -- -- -0.485 

[1.0] 

-- -- -2.394 

[4.0] 

D61-72 -- -- -0.885 

[2.2] 

-- -- 2.386 

[4.4] 

D73-84 -- -- -0.821 

[1.7] 

-- -- -1.989 

[3.4] 

D85-96 -- -- -0.875 

[1.9] 

-- -- -2.346 

[4.0] 

D>96 -- -- -1.025 

[1.7] 

-- -- -2.214 

[3.0] 

 

Notes:  

(1) Ratio of coefficient to its standard error shown in parentheses. 

(2) Equations also include control variables shown in Table 3 but coefficients not reported. 
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Figure 1

Programme Duration and Obective Poverty
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Figure 2 

Programme Duration and Subjective Poverty
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